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« Two models were trained in an identical fashion for 8
classes using images sized to 256x256 — one model for the
right eye and one model for the left eye. EfficientNetBO Fleld 7
architecture from Tensorflow was used.

Table 1. Confusion matrix demonstrating Cross-Classification of
field images by Al and by Human Grader (per image)
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Figure 3. The scatter plots represent distribution of probability score for
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